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Our digital innovation hubs and
data platforms
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Waiting can be expensive: why to invest in

artificial intelligence.

Organizations from all sectors are investing in Artificial Intelligence (Al) tools and techniqu

among other actions, automate processes and serve their customers better.
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DEEP LEARNING MACHINE LEARNING
PREDICTIVE ANALYTICS

TRANSLATION NATURAL LANGUAGE PROCESSING
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INFORMATION EXTRACTION
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Which Al? Where to use?
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Where to start?

e Al or HI?

e build / invest in / train

* employees?

e infrastructure?

* processes?

e finding the right problem / use casel?



(Kknow

center

Our approach — a company‘s journey to Al!

Training & Generating Ideas &
Awareness Strategy Conceptual Design Implementation
Al Deep Dive . Al Maturity . Data Map . Al Sprechstunde
Assessment
. Al Opportunity Data Value Project
Al Essentials
. Mapping . Check . Support
: . Al & Data-driven Al Process
Big Data Essentials Business Strategie Automation
i Data-driven
Data Service . Business

Cards Workshop Modelling



AWARENESS
Data Service Cards

* WHY

* 2 day

* for everyone

Through selection & combination
new data-driven services
are created

Benefit

Revenue

We create the data analytics solution ...

DATA-DRIVEN BUSINESS

Safe-DEED CANVAS

Designed by
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Date

... for the following customers and users ...

What Is the name of our data product?

For whom do we create our data analytics solution? Whao Is our customer?

Data Sources

Analytics

Data Product

Customer Benefit

Financial
Implications

What data sources do we need
to create customer value?

Examples: existing internal data,
data from our cuslomers, pariners
or suppliers, from data providers or
data marketplaces, from public
available sourcas, __.

What data analytics methods
do we need to apply to gain
insights and benefits from the
data?

Examples: classification,
regression, descriptive statistics,
privacy-prasarnving technologies
like anonymization, multi-party
computation, ...

In what form do we make the
senvice avallable to our
customers and users?

Examples: report, dashboard, AP,

raw dala, KPI, software function,
web alamant, _..

What added value and what
advantages does the data
service generate for our users
and customers?

Examples: increase in quality and

customer salisfaction, acquisition
of new cuslomers and new

revenue sources, cost reduction, ...

What types of revenue streams
do we expect?

Examples: subscription, licensas,
pay per use, gain sharing, indirsct
maonelization, ...

What are the most important
cost factors for our data solu
tion?

Examplas: developmant, hosting,
maintenance, usar support, ...

European
Commission

Horizon 2020
Euregpean Union Tunding
for Research & Inmavation

This project has received funding from the European Union's Horzon 2020
research and Innovation program under grant agreement No 825225
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DATA SERVICE CARDS
Awareness

REVENUE

| MODELS |

. REVENUE MODELS
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STRATEGY

Al Opportunity Mapping

* WHERE

* 2 day

e C-level

under license of 33a.ai

Al FINDS THE
MOST RELEVANT
INFORMATION

Al CREATES

Al UNDERSTANDS
THE PAST AND
PRESENT

Al OPTIMIZES
COMPLEX
PROCESSES

Al PERFORMS
SIMPLE TASKS

Al PREDICTS
THE FUTURE

Al SEES Al HEARS
AND TALKS

Al CONTROLS
MACHINES,
ROBOTS
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Center
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https://www.33a.ai/

STRATEGY

Al Opportunity Mapping

| Beard of Directors I

Managemant

CENTER ADMINISTRATION

RESEARCH AREAS

Mj Felll e
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Data Value Check

IDEATION - Ideas for data-driven use
cases are cooperatively generated and
documented. The starting point for the
evaluation of the use cases is an as
objective as possible description of the
individual data exploitation possibilities.

2.

* WHAT

IMPACT - Evaluation and ranking
of ideas according to economic
added value and contribution to
objectives on the basis of utility
value analyses.

* 2 x 2 days

* managers, domain

experts 3.

EFFORT - Classification and ranking of use
cases based on previocus project experience
and assuming optimal data suitability.

5.

VISUALISATION - 4.

Presentation of the

results and recom- DATA SUITABILITY - Evaluation of the data quality with regard
mendations for the to its suitability for exploitation in the use cases. Both technical
final decision. and legal criteria and framework conditions are examined.

14



GENERATING IDEAS & CONCEPTUAL DESIGN

Data Value Check )

SUPERMARKET CHECKOUT OPTIMIZATION

DESCRIPTION: In order to improve customer experience in supermarkets, the checkout process needs to be optimized. Since self-
checkout is not accepted by all customer segments, the classic payment process should be improved. To that end, the aim is to shorten
overall queueing times during checkout by predicting when additional cash registers should be opened to efficiently handle the workload.

VALUE: Increase customer experience by shortening wait times in queues. Improve employee satisfaction by identifying potential
bottlenecks in advance and act accordingly. Develop a database of data tracked via shopping carts and baskets as a basis for future use
cases.

INPUT: Checkout location, current locations of shopping carts and baskets, number of open checkouts, maximum checkout capacity.

FUNCTIONAL APPROACH: 1) Check current queue lengths at checkouts. 2.) Locate approaching shopping carts and baskets
3.) Predict ETA at checkouts by comparing current locations with previously recorded paths and arrival times at checkouts. 4.) Inform shop
employees about the upcoming checkout workload, potential bottlenecks and best course of action.

OUTPUT: Estimated upcoming checkout workload, bottleneck indicator, recommended action.

ackia dita

suppber data

(KknOow

center
DATA INVENTORY

customer oyalty

wesiher data

REFOSITORY | gy REFOSITORY Il

purchase data

VALUE SCORES EFFORT SCORES

PROTOTYPING EFFORT SCORE
(0-100: high effort to low effort)

VALUE IMPACT AREAS VALUE IMPACT SCORE DATA SUITABILITY SCORE

IMprove customer e 35 (0-100: low impact — high impact) (0-100: low suitability — high suitability)
satisfaction

Broaden & strengthen
customer base EE—C 70

Increase employee
satisfaction E— 22

High Innovation level 1l 9

Improve performance
& competitiveness = 7
Increase provided
information quality - G
Strengthen brand
reputation
Improve cooperation |1
& partnerships

m 6

50 ®

o Evaluate data suitability m D efﬁdently)
- benchmarking supermarket performance
@
0
0 0 R D D

EFFORT SCORE

IMPACT SCORE

30

SCORING SUMMARY RECOMMENDATIONS
IMPACT-EFFORT MATRIX STATUS PROGRESS FLOW Although this procedure is primarily designed to increase the efficiency of checkout

processes in supermarkets, further improvements could be achieved based on the

100 Evaluate Impact m D implementation of the described use case, such as:
°
L4

- optimization of the number of available cash registers (i.e., there may be too many)

~ ® @ D - optimization of shelf arrangement (i.e., smart shelf arrangement may encourage
customers to purchase more items)

- workload estimate based on prior days (i.e., the existing workforce can be used more

(Kknow

Center
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LET‘S START

THE JOURNEY!

Robert Ginthor
CTO & Head of Data Innovation
rginthoer@know-center.at
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